Agent Based Feedback Models of a “Sense of Should”
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* Negative feedback control can go beyond traditional (e.g., game
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. I Conclusion
In simple control, agents can:

« Sense and compress sensory signals from the environment (plant). * |n a control-based social framework, agents can “accept what they see”, or “insist on an alternative.”
« Compare compressed signals to a reference.

* Reduce error by updating the reference.

* Reduce error by controlling the environment (plant) through behavior.

* With relatively few assumptions, social dynamics can be simulated to show how agents control the behavior of
others merely through their expectations (i.e., reference signals).

 More complex models could allow for more precise control. For example, control models could incorporate
— hierarchical levels of sensing, compressing, and references [7] and could incorporate learning into forward
models in the controller node [8].
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o * In this model, reference signals are a proxy desires/expectations/goals, but in hierarchical models top-level
feedbeck references would represent biologically necessary homeostatic conditions for an organism.
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